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[Abstract]

Given the international attention surrounding “Black Myth: Wukong” and its Chinese mythological roots, this study examined
temporal changes in user sentiment and discourse in English-language Steam reviews. We analyzed 66,981 reviews posted between
August 20, 2024, and June 17, 2026, by users with at least one hour of playtime. The reviews were divided into launch, middle,
and late periods. We applied term frequency-inverse document frequency (TF-IDF), Valence Aware Dictionary and sEntiment
Reasoner (VADER), latent Dirichlet allocation (LDA), and the transformer-based BERTopic model. VADER classification showed
that positive sentiment predominated across all periods. User discourse shifted from monkey characters, memes, and game awards
to boss combat, Soulslike features, and game quality. Chinese mythology and cultural elements remained distinct topics in both
models. LDA captured broad discourse structures, whereas BERTopic identified fine-grained contextual topics; both revealed

similar themes and temporal patterns. Together, the models provide complementary views of longitudinal game-review discourse.
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Table 1. Period classification and distribution of
English-language steam reviews

Period Description Mg, 5 %

Period | Date Range Reviews

Concentrated review
activity immediately | 42,860 | 64.0%
after release

Launch | 2024.08.20.
Period | —2024.09.30

Decline in initial
review activity and
inclusion of the
major award season

Middle | 2024.10.01.

Period | —2025.02.28 13,702 | 20.5%

Accumulation of

Late 2025.03.01. | long—term gameplay
Period | —2026.06.17 experiences and
evaluations

10,419 | 15.6%

2024.08.20. o
Total —2026.06.17 66,981 | 100.0%

Note: June 2026 data include reviews collected through June 17.
Percentages may not total 100.0% due to rounding.
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Table 2. Collection and final corpus of English-language
steam reviews

Collection Final Base
Data Source | Language Period Collected BorEus
Steam User ) 2024.08.20.—
Reviews | T"9ISN | 5006 g.17. | 84951 | 66,981

Note: The final base corpus was obtained after removing duplicate
and empty reviews and applying playtime—based quality filtering.
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Table 3. Input data and document selection criteria by

analysis method

Analysis Selection No. of
Method I Vs Criterion Documents
Lemmatized and Final base
TF-IDF stopword-filtered 66,981
corpus
text
VADER N0|s.el—removed Final base 66,981
original text corpus
LDA Lemmat}zed and | At least 3 valid 40,086
normalized text tokens
Noise—removed
BERTopic text without At least 5 tokens 45,427
lemmatization

Note: Document counts differ because preprocessing and
minimum-token criteria varied by analysis method. The common
sample included reviews that met the selection criteria for both LDA
and BERTopic.
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E 5. LDA2} BERTopice| £4{ 54 t|1 S AT Alo] ofe}, A4 HF Apolol whe Avte] Wizt
Table 5. Comparison of LDA and BERTopic EZ A7 Ao 7 s o) st
Category LDA BERTopic
Analysis Basis Bag—gf—yvords anq Contextual embgddings
probabilistic modeling and clustering Vv " °|
No. of Topics | 7, researcher—selected | 75, parameter—derived = 7
TOpiC. Broad topics Fine—grained topics =
Granularity 2 AT 4484 A¥, VADER £74 4 HE7F A
ADsZngunTneQr:t Topic probabilities Cluster or outlier 7‘]7J°ﬂ 7.31714 —or/‘ﬂffVﬂ Wﬂ%%"] Z719] wAilo] Zagh o]
e . Fol Aol tfe 394 B/ 9 S fAseS
Information Not directly reflected Reflected golElt) o]+ ZYE 3 "dAE EAO zjolox E5)
Outlier Ratio Not applicable 26.2% L, ¥ YouTube Rl %% 55 Aol F-AIsHA
Documents 40,086 45 427 Yebgtla B33k Tang $[2]19 Axel fAFeE ekl S
Analyzed ’ ’ wel) vt YouTube P2 JJr Steam 25+ 2Hd 54, 9]
|2 A B AA Seo] Fe] W ATt tEne,
T R T A el AR tErs S arefste, ARz ARA SAY Aol opd FarA mlawm efA g
TR B A V)ES B S5 FERE 38,0000 Favt ok =3 F 1oﬂt F9 WF gasta g R
& o BE 84S St FEREANE 4 A WFT) 3 Selglon), o F o]8Al Wrte] gEEte
o] 71 AAe A B iy 2aE {ARE ol bWt AR @47} THEY 34 == 54 W
A A7 B IS APEESEAL o] & A REe] A Toll ArjH oz o wol £ Flo7 s Ao HH
o} vlarafgiet shet
A A3 FEERolME AAFL Ak e E- ol-gA} HE2 FA 2719 e W &3] A H7}
WA B He2 F7I17HA] A vk, B R} 2 AVE A SHAol A, AlREe] ApHA B2 AR GE
AdEdle] ¥ EFo] v S8tk T Alste & B4 2 A F42 HJrF 402 wslEigit). o= 41 7
st ¥ BEF FA7IRF Aol AA S-FQ FAR wxl Aol shA ol 719kgh whg-o] A71ARQ1 EdHlo] B F3
HAT. L B o] A A Rlel= Abel7t o, 5 I} A FAAR] AR 8ol vist FrtE AEASS 9
2o I A7 sk RS AA R Rl 1 u|gic}, ol#f gt A= Steam | H7F O]ﬁX}A Zdlo] 43
A= A=A Hepstth o= T A kel Afel7f 2 I 58 WA 9AE Wi AT [4], (5] We
AT Fa A WBES A MSATIA BdeS Bols olstH, Zloletqlel whet 2 f-o] 8 lH%O] ekl 5= 3l
th ot o] d Aif= 5 mye] A AU A ¢ thal 2 HG5-¢F frsEl6]e] Aaete AAdt 2 A=

6. MBS ZEEL| F2 £T AN 6|

oo aALT——|

Table 6. Comparison of major topic proportions between the full and common samples

Model Topic Sample Launch Period Middle Period Late Period Temporal Pattern
Boss Combat and o o o
Level Design (T2) Full Sample 29.7% 29.6% 36.4% Increase
Common Sample 29.9% 29.8% 36.1% Increase
LDA C;hr']gejgu';"nyety‘z%y Full Sample 9.2% 11.0% 8.9% Sustained
Common Sample 9.4% 10.8% 9.1% Sustained
Monkey Meme (T7) Full Sample 9.3% 7.8% 5.5% Decrease
Common Sample 9.1% 7.6% 5.7% Decrease
Boss Combat (BT3) Full Sample 6.7% 71% 10.3% Increase
Common Sample 6.8% 7.3% 10.1% Increase
Chinese Mythology o o o '
BERTopic and Culture (BT4) Full Sample 7.4% 6.4% 6.0% Sustained
Common Sample 7.2% 6.5% 6.1% Sustained
Monkey Meme (BT5) Full Sample 7.6% 4.5% 2.9% Decrease
Common Sample 7.5% 4.6% 3.0% Decrease

Note: LDA proportions were calculated based on all documents included in each period, whereas BERTopic proportions were calculated based
on non—outlier documents assigned to topics in each period.
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Table 7. Main settings for BERTopic analysis

Analysis ) )
Component Main Settings
Embedding all-MiniLM-L6-v2

Model

n_neighbors=15, n_components=5,
UMAP min_dist=0.0, metric='cosine’,
random_state=42

min_cluster_size=50, min_samples=10,

HDBSCAN metric="euclidean’,
cluster_selection_method="'eom'
Topic CountVectorizer(ngram_range=(1,2),

Representation min_df=10, stop_words='english'), c-TF-IDF

Topic Topic reduction and outlier reassignment were
Post—processing not applied

Analysis

Environment Python 3, Google Colab
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