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[Abstract]

In Al-assisted visual novel authoring environments, users perceive and interact with Al in fundamentally different ways. This
study analyzes survey data collected from VN-AI Studio users (N=145) to classify creators into four types — Co-Creator,
Director, Craftsman, and Learner — based on their Al role perception. These results confirm statistically significant differences
in creator-type distribution across job categories (x*=35.38, p<.001). This study proposes an adaptive narrative branch generation
pipeline that maps the characteristics of each creator type to large language model (LLM) prompt parameters. A proof-of-concept
(PoC) experiment demonstrates that semantically differentiated narrative branches can be generated from the same prologue when
different type parameters are applied. The differentiation was further validated through cosine similarity analysis (mean similarity
= 0.31). The proposed framework introduces a user-type-aware personalized narrative generation pipeline and offers a novel design
perspective for Al-driven game authoring research. Furthermore, the study establishes both a theoretical and empirical foundation

for future extensions toward multi-agent-based dynamic personalization systems.
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Table 1. Creator type distribution based on Al Role
perception (N=145)
i fi® Al Role
Type . Ratio (%) Perception
_ Partner /
Co—Creator 53 36.6 Collaborator
Director 48 33.1 Assistant / Tool
Operator
Craftsman 31 21.4 Sln;ple Tool /
xecutor
Learner 13 9.0 Mentor / Guide
Total 145 100.0 -
Creator Type Distribution (N=145)
Learner
Co-Creator
Craftsman

Director
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Fig. 1. Distribution of creator types by Al role perception

http://www.dcs.or.kr



CIxE

A2 el P2} G5
FtelAl A 7”3% A8 @ﬂ@ﬁi XZ(12,
N=145)=35.38, p<.001 oA §2]3k 2lo]7} gl
t} (Table 2). Al 3 dxyeisd <2 Director
FY(25, 52.1%°] 7P Wkev], ofE/rA]l e
Co-Creator #3(209, 45.5%)°] F=8]Ht} 74]01 713
A7-2Co- CreatorQ}Dwector Craftsman®] H]al% 27
E¥3 3, A/ A7+ Co-Creator H]go] =A 4y
Efyit}. o= A 54 wtAl F Aol digk 914 ¢]
AAA o2 tha-g AAKEE ot A2 £8 E57F 9
AT QO oEsitE WHEA A Al
Co—Creator$} Director¥d 5% Al &8 3¢S T3}
Y 1 BAE A oA e o, o

= 59
2 A% S BF 210 BFE 5 130] Aasi,

mlm
HI
rE

I 2. Z 2 HFo| ARIX} R 7e| B X}o|

Table 2. Cross-tabulation of job category and creator type

Job Co-C Dir. Craft. Learn. Total
Engineering 13 25 7 2 47
Art/Design 20 7 10 7 44

Planning 10 12 10 1 33
Research 10 4 3 1 18
Total 53 48 30 11 142

x%(12)=35.38, p<.001

Creator Type by Job Category
(x?=35.38, df=12, p<.001)

Co-Creator
mem Director
Craftsman

50 A

Learner

Number of Respondents

Engineering Art/Design Planning

Job Category

Research
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Fig. 2. Creator type distribution by job category
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Fig. 3. Adaptive narrative generation pipeline architecture by
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Table 3. Narrative generation parameter mapping by creator
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= Plerisisy Comp. Intensity Level
Co—Creator Med Med High High
Director High High Med High
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