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[Abstract]

To mitigate Al decision-making misjudgment caused by false information inflow in a 7QCI(Seven Quality Class Indicator)
information provision environment, this study proposes a truth probability estimation-based artificial intelligence decision
optimization algorithm. The proposed algorithm consists of four layers: data collection, data prediction, real-time observation and
analysis, and decision-making. It derives predictive reliability probability and factual reliability probability by analyzing the
differences between predicted results and actual data. These probabilities are integrated through dynamic weighting to estimate the
final truth probability. This approach helps overcome the limitations of prediction-based decision-making under conditions of false
information and input parameter distortion. Simulation results demonstrate that the final truth probability remains stable even when
the predictive reliability probability varies significantly. The proposed method provides a reliable and effective basis for artificial

intelligence decision optimization in a 7QCI environment.
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Fig. 3. Shows the dynamic changes of predictive/factual
probability, adaptive weight, and final truth probability
in QCI3 (web service)
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Fig. 4. Shows the dynamic changes of predictive/factual
probability, adaptive weight, and final truth probability
in QCl4 (image/text service)
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Shows the dynamic changes of predictive/factual
probability, adaptive weight, and final truth probability
in QCI5 (immersive service)
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Fig. 6. Shows the dynamic changes of predictive/factual
probability, adaptive weight, and final truth probability
in QCI6 (fintech service)
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