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[Abstract]

Disasters exert long-term impacts on individuals even after the initial event, and these impacts are reflected in how victims
describe their conditions and experiences. This study analyzes the distribution and co-occurrence patterns of expressions in
interview texts to examine how post-disaster experiences manifest. Rather than relying on predefined emotion lexicons, the study
utilizes expressions generated during the interviews, allowing for an empirical exploration of linguistic characteristics. The results
show emotional expressions do not appear as isolated words, instead they manifest as recurring combinations linking current
conditions and post-event experiences, such as “since then” and “unable to sleep.” The expression pattern or recurring expression
combinations and references to support systems further indicates that post-disaster experiences are described in connection with
present conditions. The bereaved group showed a greater diversity of expressions on average, while the survivor group showed
greater individual variation in expression use. These findings suggest that post-disaster experiences are constructed and articulated
differently across groups. This study provides empirical evidence for understanding the linguistic characteristics of post-disaster
experiences and suggests the need for the need for long-term psychological support.
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HA1. 27U SEH 2o (FEER 27
Table 1. Sentence-level co-occurrence results (including
subset relations)

Phrase A Phrase B Co—occur Jacard PMI
R ket 2 4 1 5.15618
2 = e 2 X= 3 1 5.44386
= ._ 37t L=
37t L= Aol 3 1 5.44386
a5 Ezjo}
eajen} Ml 4 0.8 4.93303
= X S s
= A7t X7t 4 0.8 4.93303
2 Xt e 0.14286 | 2.53514
ofof &= 2 HeE R 0.13636 | 3.45143

“The above figure presents original Korean text excerpts to preserve
the linguistic characteristics of the source data.

Scatter Chart

0.0 0.2 0.4 0.6 0.8 1.0
Jaccard similarity

g 1. 22 7|8 EEel M E At

Fig. 1. Scatter plot of sentence-level expressions

B2 st SEH Ao FEEE He)
Table 2. Utterance-level co-occurrence results (excluding
subset relations)

Phrase A Phrase B Co—occur Jacard PMI
ZAtol=of | HEiA B2E 5 0.45455 3.20422
HE &850 oF =| 7t 2 0.4 3.81036

2%} 7+l asixt 25 3 0.21429 2.60639

2 Xln o
B S 2 0.13333 2.89407

“The above figure presents original Korean text excerpts to preserve
the linguistic characteristics of the source data.
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Table 3. Co-occurrence results based on window size (k=2)
(excluding subset relations)

Phrase A Phrase B Co—occur Jacard PMI

2 Xt HER

a7t ol 2 0.5 5.03551
Nzts

A% 20| AL 7 3 0.33333 417246

= A
UXZ] ol | EE0{stA 2 0.25 4.05468
o

e 2

=2 Xt ;I‘a c’; 2 0.13333 3.49506
ole

an/\‘l 2 X1 2 0.10526 3.01323
3T . =

Eaten} ZHAL o] =0f| 2 0.03125 | 0.43815

“The above figure presents original Korean text excerpts to preserve
the linguistic characteristics of the source data.
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75-11

FEW 70 GAED 2 2 °
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Table 4. Summary statistics of emotion-expression usage by

group
. Standard )
Group N Mean hit Denfetion Min | Max
Bereaved 12 39.67 11.31 21 55
Survivor 9 36.00 18.63 14 69
. Concentration of emotion-expression usage across persons

I
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Total frequency of emotion expressions (total_hits)
Cumulative share

°
°
°
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O3 2. 7018 A8 E B
Fig. 2. Concentration of emotion-expression usage across
persons
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Fig. 3. Group-wise distribution of usage volume
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Table 5. Individual-level expression diversity statistics

E 6. 15Y 3ol Ciy

Table 6. Group-level expression diversity statistics

Mean Standard Minimum Maximum

Cloug - Entropy | deviation entropy entropy

Bereaved | 12 | 3.290 0.301 2.801 3.809

Survivor 9 3.110 0.543 1.946 3.721

Metric Value

N 21
Mean entropy 3.212
Standard deviation 0.418
Minimum entropy 1.946
Maximum entropy 3.809

AR AR =} 37 B S Felsh] 9
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3.212% Yepston, A 1.946004 ] 3.8097H4] 3
sholch. ek BFEHARE 0.418% Yeh efzt 3k 1@l AL
82 v delM = 2ol 7k UEbstt]. lERY gho] v 7
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Fig. 4. Cosine similarity distribution
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Fig. 5. Community clustering graph (k=4)
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Table 7. Summary of network metrics across k values

K Edge Largest community Modularity(Q)
2 41 10 0.8606
3 42 10 0.8508
4 43 10 0.8509
5 43 10 0.8509
6 43 10 0.8509
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Table 8. Summary of top communities (k=4)

Size Representative expressions (selected example)
10 1 ol=oil, 21 o|=of oA, 1 &Atol=of, ...
8 e R R, £ K=, ofof &2 £, 0l &2 £,...
5 33 Ezteot Mg, E2tot MEOfAM, ..
3 A =0l, A= ofH, olH A%

“The above figure presents original Korean text excerpts to preserve
the linguistic characteristics of the source data.
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