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[Abstract]

This study proposes a pipeline that can be used to dynamically create deformable virtual objects using point cloud data based
on 3D Gaussian splatting (3D GS). Existing 3D GS research primarily focuses on high-speed rendering and static reconstruction,
offering limited support for the physical deformation and interactive behaviors encountered in practical content production. To
address this limitation, we integrated a Gaussian-based rendering structure with position-based dynamics (PBD) to enable the stable
deformation of high-resolution point clouds. The proposed pipeline generates a low-resolution proxy mesh from the original 3D
GS points, applies Vellum-based soft-body simulation, and transfers the resulting deformation back to the full-resolution Gaussian
set via a point deform process, thereby enhancing production efficiency and expanding the applicability of Gaussian-based scene
creation and interactive visualization.
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