siss EREERECETSEY
-+ Journal of Digital Contents Society
et Vol. 26, No. 1, pp. 225-235, Jan. 2025 M) Check for updates

Al dd B ZHR0IM Zoldol 2&: 2|9t 2AYo &+

o
4 4 4
Zolthstul o|C|o{C|Apel skt w4

Al-Generated Video Content:

Exploring Intentionality and Serendipity in Machine Creativity
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[Abstract]

The development of Al technology is fundamentally transforming the way art is created, emerging as an independent creative
entity rather than a simple tool. Notably, Al-generated videos, prominent in media such as movies and animation, convey original
and unpredictable artistic value through unintended results. This study defines this phenomenon as “intentional serendipity” and
argues that this concept challenges the boundary between human creation and Al creation, introducing a new paradigm of
creativity. While existing literature predominately addresses human intentional creation and AI’s instrumental role in a
dichotomous framework, this study deeply analyzes in depth how Al’s creation forms its artistic value. By focusing on Al creation
technologies such as Generative Adversarial Networks (GANs), we explore the impact of intentional contingencies that appear in
the Al creation process on creativity and artistic acceptability and, through this, compare the similarities and differences between
Al and human creation.
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Fig. 1. The top image is a hyper-realistic image based on
DeepDream and a portrait based on StyleGan. The
bottom image shows a similar style of surreal
painting and portrait
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Table 1. Differecies and commonalities in the creative

process
L Differences in the Commonalities in the
division . .
Creative Process Creative Process
For both Al and humans,
Intentions Human creators put creative works are given
and clear intentions and meaning and value
Emotions | emotions into their work. depending on the
audience's interpretation.
improvisatio Both Al and humans can
Human creators can L
n and ) . ) express creativity by
.| improvise and flexibly o
transformati ) ) utilizing chance
change their creations.
on elements.
. Human creators can Al creates new forms
creative ) . )
freedom improvise gnd ﬂexlbly fromilearAneclj data or
change their creations. inspiration.
) Humans create based Al learns data patterns
How it o )
on intuition and and creates creative
works .
experience. works based on them.
Creative intention For both Al and humans,
Evaluation determines the if the result is evaluated
of results consistency and depth | as art, it is accepted as
of the work. W creativity.
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Table 2. Key elements of Al creation and ethical and

artistic discussions

Topic Description

Through randomness and data learning in

Role of Intentional the generation process, Al can create

Serendipity unintended creative outcomes, providing
artistic depth and diversity.
. Al-generated works can also possess
Comparison

artistic value based on audience
interpretation, similar to how human works
are appreciated.

between Al and
Human Creativity

Audiences can interpret the unexpected
elements in Al works, attributing unique and
novel meanings to them.

Artistic Reception
and Interpretation

Ownership and responsibility for
Al—generated works pose legal and ethical
challenges, necessitating further
examination of creative agency.

Ethical Issues and
Copyright
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