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[Abstract]

This study examines societal perceptions in the aftermath of the unprecedented casualties resulting from the “10.29 disaster”
and proposes measures to prevent similar incidents. A year’s worth of media reports following the event was analyzed using text
mining techniques. The analysis led to several conclusions: First, even for unorganized mass gatherings, local governments, fire
departments, and police must strengthen collaboration and establish a unified safety management system. Second, the government
should emphasize political responsibility over legal accountability in managing major disasters. Third, it is crucial to acknowledge
the prevailing public sentiment of "sorrow" associated with the 10.29 disaster while avoiding the politicization of the event.
Furthermore, the government and related agencies must provide support to mitigate social trauma among victims and witnesses.
This study makes a significant contribution by analyzing societal perceptions of the “crowd crush” following the 10.29 disaster

and offering policy recommendations for disaster prevention and response.
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Table 1. Analysis overview

Sortation Content

Analytical word * Crushing death

Analytical tools * Textom

Collection channel |+ Articles from Daum, Google, and Naver

Collection period « 2022.10.29.~2023.09.30.

Data count « 309,477

Analysis module * Mecab

POS analysis « NNG, NNP, NNB, NNBC, NR, NP
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719 E= o)=3sl= dlo|t). 7)Y = 7<) ule} thoksl Bx Table 3. Top 30 key words TF-IDF analysis
o] 7F53] o] AFo A= bigram FES F-231H24]. No. Word TF-IDF | No. Word TF-IDF
D}%Ei _‘E‘r__/qq]/q =5 EN 7] 41: 7F ’2}7_74]—’]:% 7] 1 Dead 464.09 | 16 Large 262.30
Hlo 2 ;F_i;ﬂ %‘%}‘é% :_5—:'}?_13}_7] ‘1‘]°H CONCOR “E_@' o A 2 Calamity 416.26 | 17 Event 258.42
Al&Feitt. CONCORi= CONvergence of iteration 8 Site 38020 | 18] Emergency | 246.36
CORrealtlon«] ofol =, 7]9)= 7k At = dolsla A 4 Halloween 366.94 | 19 Settlement 242.97
4 ‘IT/\}'/HO 740]'14401 :[1zxq EH % Z;T‘ 3@'5[: 9}1 5 Injured 366.66 | 20 Seoul 241.48
1’4—[ 0]. 24 Soge ahte] YES A e 7 44 6 | Yoon Seok-yeol | 344.41 | 21 Rep?rt 239.04
Aol A= Qx| 2013 HES Ho)= 700 z‘sﬁ%‘ré]-tq, 7 Confluence 339.60 | 22 Receipt 235.18
o 8 Cancellation 322.58 | 23 Accident 234.85
FAFE 919 719 =S BEE3)- :’I‘j}?o]’ojl A ]—j&jﬂﬂ(}&'i 9 | Fire department | 316.11 | 24 Police 229.84
zgggfiggi/{i E)%Ijlciiezgjljl(i)) g 5 10|  Yongsan 285.18 | 25| Cardiac arrest | 226.95
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= A8 S AARHITH 1] TEXTOMS] 274 w4 14| Casuales | 262.71 | 29|  Disaster 214.06
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Table 2. Analysis structural map

E 4. 42 209 7|19= N-gram WET 24
Table 4. Top 20 key words N-gram analysis

. Analysis
Sortation method Content
o TF-IDF « Derivation of key keywords
Text mining
N—-gram |« Chain word network analysis
* Discussion grouping and
. CONCOR 1o grouping
Sentiment analysis of abstraction
and discourse - - -
analysis Sensitivit » Sentiment analysis on crushing
ITIvI
Y incidents
3-3 24 At
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T =

3025

No. Word1 Word2 Co—appearance
1 Iltaewon Calamity 556
2 ltaewon Accident 550
3 Seoul Yongsan 412
4 Yongsan [taewon 407
5 Itaewon Halloween 267
6 Night Seoul 147
7 Seoul ltaewon 118
8 Accident Site 110
9 Halloween Confluence 108
10 Large Calamity 98

11 Accident Dead 94

12 Dead Injury 90

13 Confluence Accident 88

14 Itaewon Hamilton Hotel 79

15 Calamity Dead 78

16 Halloween Calamity 73

17 Human Damage 70

18 Accident Dead 63

19 Report Receipt 63

20 Yoon Seok-yeol [taewon 61
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