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[Abstract]

Vision contains the majority of the information necessary for humans to interact with their surrounding environment. For these
reasons, visually impaired individuals face significant limitations in terms of information access compared to non-visually impaired
individuals. This paper proposes a system to enhance information accessibility for the visually impaired by extracting and
translating text from images into Braille, enabling real-time implementation. The proposed system utilizes optical character
recognition technology, specifically EasyOCR, and a Korean language recognition model to recognize and digitize text after
separating phonemes. The hardware-implemented system operates through a relay and solenoid-based Braille system, allowing
individuals with visual impairments to recognize the outputted Braille using tactile senses. This approach aims to reduce barriers
to information access for the visually impaired, providing them with equal opportunities in various aspects compared to sighted

individuals and fostering their active participation in society.
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