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[Abstract]

Respiratory diseases in pigs can cause serious economic and health issues in pig farms. In this study, we develop an automated
detection system for the early detection of pig diseases by detecting pig coughs. We collect the sounds generated in pig farms
using real-time audio sensors and build a classification model using machine-learning techniques and pattern-recognition algorithms
to distinguish between coughing and non-coughing sounds produced by pigs. The results of our experiments show that our system
can detect pig coughs quickly and accurately with over 95% accuracy. This automated detection system can play a crucial role
in controlling disease transmission in pig farms by facilitating the implementation of preventive measures and early treatment.
Furthermore, it is expected to improve pig health through real-time monitoring and data analysis. This research provides a new
approach to disease management and welfare enhancement in the pig industry and demonstrates the practicality and usefulness of
an automated pig-disease detection system.
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Table 1. Classification accuracy according to the model
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