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This study proposes a novel cloud-based image restoration service that integrates advanced image generation deep learning
techniques such as RealSR, Waifu2X, and Bringing Old Photos Back to Life with cloud computing, which enhances accessibility
and scalability. The service provides features for restoring aged photographs and enhancing low-resolution images, and can be
applied to various cases of digital media content. By constructing a user-friendly platform, users from various fields can easily
utilize deep learning image generation models without extensive Al knowledge. The cloud-based architecture guarantees scalability,
enabling the service to manage diverse user demands and adapt accordingly. This study illustrates how the integration of deep
learning image generation models into a cloud service enables broader accessibility to high-quality image restoration capabilities

for the general public. Moreover, it is anticipated that it can significantly impact the digital content industry.
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Table 1. One-month operating costs for the platform.

Cost factors | Expected usage Unit rate Total fee
GPU instance
(g4dn.xlarge) 1month $0.752/hour $600
Storage 125GB $0.023/GBmonth $3
Data transfer
(internal) 250GB $0.01/GBmonth $3
Data transfer 1250GB $0.09/GBmonth | $120
(external)
Total cost - _ $730
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Criteria

Our method (AWS)

Traditional method (On—Premise)

Server cost

(GPU instance) high traffic

Built on AWS cloud, Scalable, Capable of handling

Fixed server costs, limited scalability

Data management and security .
solutions

Utilization of AWS security and data management

Direct data management and security
implementation.

Cost efficiency Cost—effective service delivery

Limited flexibility with a fixed cost structure.

Service reliability

Cloud—-based flexibility for traffic fluctuations.

Limited reliability requiring additional
infrastructure investment

Revenue model
(Adoption of freemium model)

Free features, revenue from subscriptions

Fixed revenue model

Final monthly costs and revenue
(Example)

GPU instance: $600, Storage: $3 (base) +
approximately $120 (10 additional queries).

Fixed cost model

Number of users and revenue model | Approximately 4,000 free users, 1,000

(Example) subscribers.
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