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[Abstract]

The use of an electric kickboard, which is a personal mobile device, is increasing due to its convenience and economic
feasibility. An electric kickboard has a much smaller size of wheels than other two-wheeled vehicles such as bicycles and
motorcycles, and due to the specificity of riding while standing, there is a greater risk than other two-wheeled vehicles in the
same accident. For this reason, an electric kickboard is prohibited from boarding two or more people, but in reality, this practice
is difficult to crack down on. Therefore, this paper proposes a new labeling method that becomes a learning target in the process
of configuring a YOLO-based system that generates a notification when a kickboard with two or more people is detected on a
monitoring screen using a camera. Through the tests with images, which are not included in the training dataset, we confirmed

that the proposed method had an approximately 18% improvement in accuracy.
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