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[Abstract]

Turtle neck syndrome is a representative syndrome from which the majority of office workers in Korea suffer, displaying more
than mild symptoms. As more books and computers are being read, the rate of turtle neck syndrome among teenagers is also
increasing. However, face-to-face diagnoses made at a hospital, incur cost and time. To address this inconvenience, we propose
a turtle neck syndrome measurement program that can instantly measure the severity of turtle neck from a side image of the user.
Joint coordinates are detected using the MP2 and COCO models of the OpenPose library. Among the detected joint coordinates,
the angle of the neck is obtained by applying the second cos law to the coordinates of the three points that are easy to calculate.

The severity of the neck angle calculated by the subdivided severity criteria is then provided to the user.
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1. F9 Aol uE AT J|E
Table 1. Four severity criteria for neck angle

Fine 180°~165° (-1~ -0.9567)
Danger 165°~150° (-0.9567~ -0.866)
Serious 150°~135° (-0.866~ -0.7071)

Very serious 135°~120° (-0.7071~ -0.5)
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14 points
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