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[Abstract]

In this study, we implemented a system where the user gaze data were collected while they engaged in mobile commerce, and
these data were analyzed based on the area of interest. The system is based on a technology that enables gaze tracking with
general mobile devices and artificial intelligence without dedicated hardware for eye tracking. We conducted experiments to prove
that the results can be expressed as quantitative indicators for consumer analysis and intuitive information visualization. The
proposed method involves pre-processing of gaze data, classification according to the gaze characteristics, processing of
interest-specific regions of gazed points, and information dimension. In addition, the proposed method is accessible at a low cost
compared with existing methods, which require purchasing, installation, and use of expensive hardware. The proposed method
allows a large number of users with general smartphones or tablets to use the mobile commerce environment naturally without
time and space limitations in gathering target information. In conclusion, our method can collect and analyze more specific gaze

information-based data for large-scale purchasing processes that are previously impossible.
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Online shopping transaction amount by sales medium
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Fig. 1. Online shopping transaction amount by sales
medium
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Table 3. Visualization personal data

Metrics Information
Gaze point An image showing all gazes over time on the
Visualization screen

Fixation An image showing all fixations over time on
Visualization the screen

Fixation Density |An image showing all fixations over time on

Visualization the screen in color that expresses density
Gaze & Fixation |Image showing both gaze and fixation on the
Visualization screen
Fixation Heatmap shown for fixations
Heatmap

E 4. OF tlolg] AlZst
Table 4. Visualization group data

Metrics Information

Fixation Image showing all users’ fixations on the
Visualization screen

Fixation Heatmap of all users’ fixations
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