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[Abstract]

As the video content industry grows, demand for tools that can objectively evaluate content for video production has increased.
In this study, we propose a methodology using eye-tracking technology to more objectively evaluate whether the video content
produced meets the production intention. Thus far, it was standard practice to employ text analysis based on users' subjective
reviews to determine whether the video content met the production intention. Existing methods have limitations in that it is
challenging to objectively evaluate the fitness for purpose of the video, an excessive amount of time and money is needed, and
it is difficult to secure sufficient high-quality results. The three indicators in this study can compensate for these issues by
recognizing and analyzing the user's gaze and emotion using a standard RGB camera without dedicated hardware, allowing us to
determine how much the user is focusing on the video content. In addition, the validity of the proposed methodology is verified

by presenting video analysis user experiments and results using these evaluation metrics.
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If the chart is waterline, it means that the viewer
watched the video from start to finish

A gradual decline means that viewers continue to
lose interest in the video.

An uptrend indicates that viewers are watching
the segment repeatedly or are more interested in
it than other segments.

Afalling segment means that viewers are more
likely to skip or not watch that segment.
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Fig. 1. Four graph shapes by duration of view



E 1. fixationZ} saccade
Table 1. fixation and saccade

Eye Tracking Description
fixatl Gaze points are continuously
ixation . o
stamped at similar positions.
A property whose gaze points
move quickly to a distant target
saccade rather than a similar location
when compared to the previous
gaze points
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B 2. 2Mof AEE £F X|E(Metrics)
Table 2. Metrics used in the analysis

Metrics Description
Gaze Engagement Score Percentage of viewers with eyes
on the video

Percentage of viewers who
focus well on areas where they
need to focus on the video
Percentage of viewers who react
emotionally to the video

Attention Score

Emotion Engagement Score
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