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[Abstract]

With the recent increase in content consumption and the success of streaming services, people spend a lot of time deciding
which movies to choose among the overflowing content. The existing recommendation method alone cannot guarantee finding a
movie that suits your taste, and the criteria for recommendation are also unclear, making it difficult to make a choice at every
moment. In this paper, to solve this problem, we propose a new method of recommending movies based on emotion analysis by
recording users' reactions and emotions in real time while watching movies. The proposed recommendation method analyzes the
user's emotion and concentration while watching a movie, and automatically obtains user preference information such as the genre,
actor, and emotion that the user is interested in and uses it for movie recommendation. This method can be applied to both
existing collaborative filtering and content-based recommendation methods, and analyzes and documents emotions and
concentration at the time of viewing, and recommends highly reliable content based on evaluation based on changes in emotions.
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