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[Abstract]

This study presented the factors and directions that should be noted in smart watch development by analyzing the perception
and emotional response of domestic smart watches using text mining techniques. Accordingly, 91,028 posts related to smart
watches from 2018 to 2021 were collected through Twitter text data, a representative service of SNS(Social Network Service), and
LDA(Latent Dirichlet Allocation)-based topic modeling, TF-IDF(Term Frequency-Inverse Document Frequency), Anomaly
Detection, and Sentiment-Analysis techniques were performed after preprocessing the collected posts by R and Python Program.
Through LDA-based topic modeling and TF-IDF, it aims to derive major issues on the perception of smart watches by the public,
including potential and actual users in Korea, and to grasp the emotional response of smart watches using emotional analysis

techniques based on Anomaly Detetion.
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Table 1. Number of Smart Watch Posts

Year Number of Tweets
2018 4,958
2019 10,430
2020 24,554
2021 51,265
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word TF-IDF word TF-IDF
1 COVID-19 0.000247 Flip 0.000530
2 blood 0.000215 celebrity 0.000256
3 saturation 0.000165 vaccine 0.000206
4 ignition 0.000151 athlete 0.000180
5 Flip 0.000087 mask 0.000150
6 12pro 0.000064 invention 0.000102
7 regular 0.000061 InBody 0.000095
8 calamity 0.000060 COVID-19 | 0.000081
9 challenge 0.000059 blood 0.000061
10 supply 0.000055 volley ball 0.000055
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Fig. 4. Positve/Negative Word Frequency by Year



E 4 x4 3T/

20| SE%0|

HAE
==

Table 4. Trend of Positve/Negative Word by Year

otold 71

year positive negative
2018 981 601
2019 2,037 1,260
2020 4,886 3,216
2021 10,342 5,996
5 ATE 2H/FH A 107H
Table 5. Top 10 Positve/Negative Word by Year
it count
wnls positive
word 2018 | 2019 2020 | 2021
1 good 257 634 3257 1543
2 best 90 142 799 350
3 many 70 130 729 263
4 pretty 58 118 525 190
5 nice 54 114 468 123
6 comfot 50 103 257 114
7 cute 25 63 210 82
8 befit 22 54 208 66
9 love 21 42 189 40
10 advantage 19 27 169 40
; count
ik negative
word 2018 | 2019 2020 | 2021
1 waste 68 169 876 290
2 expansive 60 136 423 138
3 worse 41 62 281 133
4 discomfort 37 56 253 111
5 sorry 32 44 213 66
6 tired 24 34 196 59
7 hate 20 27 150 44
8 difficult 20 22 127 42
9 worry 15 22 125 42
10 annoyed 13 22 124 39
= = = =
—3 = = =
= = y ]
H H i
H H H
H i H
i | i
i i |
i i i
| | |
*Follow the language of raw data
a8 5. AxE IH/FE Al 2074

Fig. 5. Top 20 Positve/Negative Word by Year’
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Fig. 6. Time series outlier detection result
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Table 6. Example of Outlier Original Data

Sen
tient Factor Posts Date
This smart watch really nice. 2020/09/29
Aesthe | saw blue color and it's pretty. 2020/10/23
tic
You can buy smart watch
because it's pretty, right? 2021/03/11
Voice r(_eply in s_mart vvat_ch is 2020/09/12
convenient during part—time.
Pos
itive| Useful smart watch is comfortable. 2020/11/20
It's convenient pecauge | dont 2020/12/17
have to login my iMac.
| like having a lot of smart watch 2021/03/05
usres around me.
Users
| want to buy an smart watch 2021/04/13
that using a lot.
Smart watch is too expensive. 2020/09/23
. The price is too high compared
Price to the features of smart watch. 2020/12/05
Smart watch is really expensive. 2021/04/30
It got harder with the update. 2020/09/25
Difficul | don't know how to use smart 2020/12/13
i watch.
Neg Y
ativ Is the smart watch really that
R hard? 2021/03/20
It's heavy and uncomfortable. 2020/09/20
Disco
mfort Smart watch is uncomfortable
and stuffy on the wrist. 2020/12/10
It's so dtlfLerent from thetsmart 2021/03/22
Inaccu watch measurement.
racy o
Smart watch skl)iedp tracking is so 2021/04/15
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