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[Abstract]

Data visualization helps people quickly recognize and remember data insights through visual elements, therefore, the scope of
data visualization is diversifying. As interest in data visualization increases, it is exposed to the general public through not only
news articles, but also the medical field as personal data are represented through visualizations. To provide the proper data
insights, we need to provide effective visualizations for your users. In this research, an experiment was conducted on the user's
data visualization preference to investigate the user's perception of data visualization. This experiment was conducted by measuring
the relative and objective preference of data visualization using 5 visualizations and 4 tasks by limiting the visualization of the
distribution visualization method. The results of user's visualization preference obtained through the experiment were analyzed
separately for each visualization and each task. The results of the analysis were reviewed, and accordingly, the appropriate

direction of data visualization was suggested and discussed.
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(5) Multi-set Pie Chart

* This visualization was used for the experiment, and the contents of the visualization were written in Korean.
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Fig. 1. Examples of the five data visualizations used in the experiments
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Practice Section : Pre-Test

A process of minimizing the experience gap in data visualization
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Data Visualization Preference Experiment
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Set | Type Visualization Expression Method
Stacked Bar Express a bar graph by stacking
Chart them
1 Quantity
Multi-set Bar Express a bar graph spread out at
Chart the same reference point
100% Stacked o
Bar Chart Express the area based on 100%
2 | Ratio
Multi-set Pie Express of dividing an area into
Chart individual graphs
Stacked Bar . .
Chart Express a quantity by stacking
3 | Quantity
Treemap Express quantity with hierarchical
structure
3-3 43 gt
[ Task
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Pre - Test 5 distribution visualizations
/
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Fig. 3. Experiment Flow Chart
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Table 2. Response results for data visualization preference

comparison set
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Easy to Compare
within Groups

Easy Location
Comparison
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understand Numbers

Easy out—of-group
Comparison

Set Visualization Type Count

Set Visualization Type Count
High Visibility 15
Easy to Compare 6
Similar Positions on 4
the Y-Axis
Stacked Bar Chart Eagy to understand 3
Ratio
High Visibility into
. 3
Proportions
Convenient to 5
understand Numbers
’ Intuitive Comparison 1
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High Visibility 29
Easy to Compare 22
X—Axis of starting
! 16
) point O
Multi-set Bar Chart -
Convenient to 12
understand Numbers
Intuitive Comparison 6
Convenience
Similar Positions on 1
the Y-Axis
Set Visualization Type Count
Convenient to 25
understand Numbers
High Visibility 10
Easy Location
) 7
Comparison
Easy to Compare 5
100% Stacked Bar | Easy to understand 5
Chart Ratio
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the Y-Axis
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X-Axis of starting
. 2
point 0
Easy out—of—group 1
Comparison
Easy to understand
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Ratio
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Multi-set Pie Chart
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