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[Abstract]

Pseudo-Broadcast Music-Speech and Cuesheet Dataset is for identifying the background music in TV drama and consists of
three parts which are broadcast audios, original background music, and cuesheet including the start and end time at which the
original background music is inserted. In order to build it, we collect music and speech track respectively from the raw data
generated during the broadcast background music editing process. By automatically identifying and removing duplicate songs, it
builds an original music dataset without duplicates. The cuesheet is obtained by applying the music identification technique to the
background music audio track as input and refined by extracting music segment information. We show this dataset not only can
be used to measure the performance of the background music identification, but also can be used to measure the performance of
music-speech source separation and music detection finding music segments in TV broadcast audio.
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Fig. 1. An example of a Vegas project configuration (original source files(red box), speech and music tracks(orange box))
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Fig. 2. An example of instrument tracks from the same
song
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Table 1. The performance of music recognition according
to applying music-speech separation technique

M2 NS 20 AllH Me

_u.1 o T

The performance of music recognition

) mixed audio separated music audio
time—
resolution
P R F1 P R F1

1 sec 0.9889 | 0.7492 | 0.8490 | 0.9885 | 0.8014 | 0.8825
5 sec 0.9888 | 0.7675 | 0.8611 | 0.9884 | 0.8135 | 0.8901
10 sec |0.9884 |0.7806 | 0.8695 | 0.9882 | 0.8218 | 0.8952
15sec |0.9884 |0.7901 | 0.8756 | 0.9881 | 0.8280 | 0.8990
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E 2. 8%-UA 22 85
Table 2. The performance of music-speech separation

The performance of music—speech separation

input SDR SIR SAR
music 6.76 25.74 6.93
speech 7.84 11.93 10.81
LaSAFT 2de Zof 59 2] 7% AsS vlash= 7t
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Fig. 3. The structure of music detection network
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Table 3. The performance of music detection

The performance of music detection

input Precision Recall F1-score
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