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[Abstract]

Digital twin is a technology that duplicates real-world objects and systems into a virtual twin, and analyzes and simulates them
to enable effective operation and prediction. If the quality data is not guaranteed, the resulting digital twin is also difficult to be
normally implemented. So, anomaly detection methods have been used to monitor the quality of data. However, existing anomaly
detection methods are not enough for digital twins due to the data characteristics such as class imbalance problem of multivariate
time series data, and the limitations of point anomaly detection (PAD) performed by existing methods. Therefore, this paper
implements existing anomaly detection algorithms and compares their performance, and based on this, we present the issue of

anomaly detection in digital twin environments and future research directions for contextual outlier detection (CAD).
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