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[Abstract]

It is difficult for hearing impaired people to detect the occurrence of the sound even if a siren sound or a car horn is sounded.
In this paper, we present an integrated web platform for the deaf based on the FCN model that learns dangerous sounds occurring
in everyday life. First, if it is determined that a specific sound has occurred around the user through the proposed platform, it is
possible to cope with the accident more quickly than before. Second, based on Speech-To-Text services provided on the platform,
it is possible to communicate smoothly with others who do not know sign language. Finally, through web crawling, it is a service
that informs news such as the latest issues for the deaf and job search information, and it presents a platform that allows
hearing-impaired people to conveniently obtain information because it extracts and provides necessary information rather than
watching reckless news. The experimental result of sound classification which was implemented as deep learning by extracting
MFCC, showed an accuracy of about 91.07%.
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Layer (type) Output Shape Param #
convad_20 (ConveD) (None, 38, 171, 1B) 144
max_pool ing2d_15 (MaxPaalin (None, 19, 57, 1G) 0
320}

convad_21 (Canv2D) (None, 18, 54, 32) 4128
max_pool ing2d_16 (MaxPoolin (Mone, 9, 27, 32) 0
92D}

convad_22 (Canv2D) (Mone, B, 24, 64) 16448
max_pooling2d_17 (MaxPoalin (Mone, 4, 12, 64) 0
92D}

convad_23 (Canv2D) (Nome, 3, 9, 128) B5E64
global_average_pooling2d_5  (Mone, 128) 0
(GlobalveragePool ing2D)

dropout_3 (Dropout) (None, 128) 0
dense_1 (Dense) {None, 10) 1290

Total params: 87,674
Trainable params: 87,674
Non-trainable params: O

J8 3. FCN 22 Q0of
Fig. 3. Summary of FCN Model
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te('/news', nethods=]"GET", "POST'])

heacers = {

‘User-Agent': Moz

data = requests.get{"

print{'38% 2E')

return render_tenplate("nens. il news dict=news_cict)

a3 12.
Fig. 12. Code of new crawling function
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