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[Abstraci]

The HTP test is a psychological test that analyzes an individual's personality and emotions through hand-drawn drawings of
houses, trees, and people. In this paper, we propose a method to automate the entire process of psychological analysis of pictures
by training deep neural networks to enable hand-drawn analysis so that the analysis results can be used for psychological
diagnosis. The proposed system consists of two stages: an image analysis unit that detects and classifies major objects in hand
drawings and finds their characteristics, and a psychological diagnosis unit that diagnoses psychology by inputting the results of
image analysis. The image analysis unit was implemented as a convolutional neural network and finely tuned with the
self-collected hand-drawn data set, and the psychological diagnosis unit expressed the expert knowledge for psychological
diagnosis as fuzzy rules to make fuzzy inferences of the psychological analysis results.
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