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[Abstract]

The k-nearest neighbor (kKNN) search algorithm - which finds the k-nearest data vectors for query vectors - has been
increasingly applied to various applications including artificial intelligence and big data analysis. Some realtime applications like
autonomous driving and online document search require fast parallel KNN algorithms for fast response to environment or user
interaction. For this purpose, the k-approximate nearest neighbor (KANN) searching algorithms reduce process time with
sacrification of certain level of accuracy. Among various approaches, the shifted sort-based KANN method is well suited for GPU
parallel implementation but there have been no ways to control accuracy of the results. In this paper, I examine and discuss the
feature of shifted sort-based kKANN method which affects accuracy and present a method to improve its accuracy. The suggested
method adopts extra loops based on permutation of vector axes for better accuracy. The test results show that we can achieve

improvement in accuracy at a slight cost of increased processing time.
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