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[Abstract]

In this paper, a method of detecting cracks in asphalt road image using various Morphology-based methods is proposed. This
paper indicates combination of closed and open operation of Morphology filter to eliminate unnecessary background and noise.
The data from the proposed method can, in itself, determine the size of the crack area and even specific data, such as the
direction and density of the crack can be obtained later. Finally, as a result of comparing this study with various deep learning
models, The proposed method showed excellent performance in crack detection and noise removal.
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Table 1. Performance Comparison by experimental method
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Fig. 6. evaluation of radial-shape-crack image by
experimental method
(a) Original Image (b) results using Mask RCNN
model
(c) results using SegNet model
(d) results using FCN model
(e) results using the proposed model
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Table 2. Performance Comparison by experimental method
of radial-shape-crack image

M a s K
Contents R-CNN SegNet FCN-32s Proposed
detection|
rate (%) 75 67 32 88
accurac
(%) 93 99 99 97
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Fig. 7. Original Image
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T8 8. Mask RCNN Zx}
Fig. 8. results using Mask RCNN model
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Fig. 9. results using SegNet model
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Fig. 10. results using FCN model
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Fig. 11. results using the proposed model
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