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[Abstraci]

The image fusion process is defined as gathering all the important information from multiple images to a single image. This
single image is more informative and accurate than any single source image, and it consists of all the necessary information. It
is important to acquire a high quality image for tracking and recognizing object. So, it is required to create a refined image by
synthesizing or compensating the acquired image through image fusion. In this paper, we would like to present a fusion and
recognition application method of the acquired image in order to increase the recognition rate of Vespa mandarinia. Generating
a random area blurred source image in a Vespa mandarinia image, and synthesized through the PCA(principal component analysis)
based image fusion, and measures the image fusion performance through RMSE, PFE, MAE, CORR, SNR, PSNR. In addition,
using the AlexNet based on the DCNN(Deep Convolutional Neural Networks), it presents the recognition score and classification
accuracy for the fused image.
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Fig. 1. Reference Image of Hornet
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