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[Abstract]

Shadow detection has been mentioned many times in the field of digital image processing. Shadows distort the information in digital
images, causing performance degradation in algorithms such as object recognition, segmentation, and tracking. Therefore, shadow
detection and removal must be performed as a pre-processing operation of the image processing procedure. In this paper, we proposed an
effective shadow detection method based on clustering algorithms. First, the input image is composed of superpixels that are grouped with
similar pixels using SLIC algorithm, and then clustered and labeled with k-means++ algorithm. And, clustering the superpixels once again
increases the accuracy of grouping similar features rather than clustering the original image, and thus detects the shadow region with this
result image. In order to test the performance of the proposed algorithm, we experimented with single natural images including shadows,
and found that the proposed method effectively detects shadow regions.
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Fig. 1. Image segmentation using SLIC algorithm
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Fig. 3. Pipeline of proposed shadow detection method
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Fig. 2. Image labeling using k-means++ algorithm
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