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[Abstract]

Cloud based virtual platform for real-time product monitoring and prediction is crucial for automation of Industrial processes.
The MEC based server and cloud platform gives a low latency and high performance in real-time environment monitoring.
Although many research has been done in the data visualization, neural network and factory data monitoring, combining these
methods to make a MEC based Smart factory data monitoring system has never been proposed. In this research article, we have
proposed a data visualization and DNN (Deep Neural Network) with Clustering module. This proposed method for training the
neural network achieves a 98% accuracy in the prediction and the cluster can give a 87% accuracy for 2 clusters. This accuracy
is state of the art for factory production data classification. This state of art smart factory data monitoring and display module

gives the smart factory system a MEC based and high accuracy based monitoring capability.
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Table 1. MAIN DATA SHEET COLUMN

NAMES AND DATA TYPES

Colomn Name Data Type
QMS INDEX int64
DAY INSP string
TIME INSP string
INSP TYPE string
INSP TYPE NAME string
OPER INSP TYPE INDEX int64
OPER INSP TYPE string
ITEM INDEX int64
ITEM CODE string
ITEM NAME string
SAMPLE COUNT int64
JUDGE CODE string
JUDGE NAME string
USER INDEX int64
USER NAME string
REMARKS string
INSP NAME string
INSP CODE DESC string
INSP STANDARD string
INSP METHOD string
INSP LEVEL string
INSP CYCLE string
MIN float64
MAX float64
FIRST VALUEOL string
FIRST JUDGEO1 string
FIRST VALUEQ2 string
FIRST JUDGEO2 string
FIRST VALUEO3 string
FIRST JUDGEO3 string
MIDDLE VALUEO1 string
MIDDLE JUDGEQ1 string
MIDDLE VALUEO2 string
MIDDLE JUDGEQ2 string
MIDDLE VALUEO3 string
MIDDLE JUDGEO3 string
LAST VALUEO1 string
LAST JUDGEO1 string
LAST VALUEQ2 string
LAST JUDGEQ2 string
LAST VALUEQ3 string
LAST JUDGEO3 string
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E 2. HelE 5 ool
Table 2. FINAL PROCESSED DATA

Data Colomn Cleaning
Name RS Process BEIE s
DAY TIME INSP | 27430 | date-day | 9atetime
64[ns]
QMS INDEX 27430 int-val float64
OPER INSP TYPE
INDEX 27430 non-null float64
ITEM INDEX 27430 non-null float64
ITEM CODE 27430 int-val floato4
SAMPLE COUNT | 27430 int-val floato4
JUDGE CODE 27430 non-null floate4
INSP NAME 27430 non-null floate4
INSP METHOD 27430 non-null float64
MIN 27430 | float-values float64
MAX 27430 | float-values float64
FIRST VALUEO1 27430 non-null float64
FIRST JUDGEO1 27430 non-null floate4
FIRST VALUEO2 27430 non-null float64
FIRST JUDGEQ2 27430 non-null float64
FIRST VALUEO3 | 27430 non-null floate4
FIRST JUDGEO3 27430 non-null floate4
MIDDLE
VALUEOL 27430 non-null floato4
MIDDLE
JUDGEOL 27430 non-null float64
MIDDLE
VALUEO2 27430 non-null floato4
MIDDLE
JUDGEO2 27430 non-null floate4
MIDDLE
VALUEO3 27430 non-null float64
MIDDLE
JUDGEO3 27430 non-null float64
LAST VALUEO1 27430 int-val floate4
LAST JUDGEO1 27430 non-null floato4
LAST VALUEO2 27430 int-val float64
LAST JUDGEO2 27430 non-null floato4
LAST VALUEO3 27430 int-val floate4
LAST JUDGEO3 27430 non-null float64
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