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[Abstract]

In this study, it examined money laundering transactions occurred in the electronic banking environment by transaction patterns
based on social network analysis. Then, analyzing the centrality indicators such as degree centrality and betweenness centrality and
sociogram through the network structures, it tried to suggest effective ways to be able to detect suspicious money laundering
transactions. The social network analysis technique applied to this study has the advantage that is unlimited to the types or
particular patterns of financial transactions in the point of performing the decision based on the connections of ‘money laundering
actors.” Furthermore, there is another advantage that it can better-extract the characteristics of the transactions with ‘money
laundering actors’ as the complexity of transactions is higher, under that the number of the network nodes is proportional to the
centrality indicators. Therefore, it is worth considering as one of the effective ways to distinguish money laundering transactions

in the complex electronic financial environment.
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Table 1. Major types of suspicious transactions

AFAMIE 2

Type Description
Cash transaction Most of the money is withdrawn as cash
Distributed Lo . o
. A transaction involving multiple individuals
transaction

Foreign currency| A transaction in which money laundering concerns are
Transaction | determined by a customer who has no overseas remittance

A transaction in which the customer's financial transaction
Transaction amount per day or the financial transaction amount

amount accumulated for 7 days are determined based on the
customer's confirmation

A transaction in which the customer's financial transaction
number per day or the total number of transactions for 7 days
is determined based on the customer's confirmation

Frequency of
transaction

. . [If the customer has reasonable reasons to suspect that he / she
Split transaction |, . . . o
(Dividing is engaged in a financial transaction by dividing the amount
ransaction) ifor the purpose of avoiding the above amount and frequency

of financial transactions

A transaction in which a corporation or an organization is
suspected of money laundering concern among financial
customers

Subject of the
transaction
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Table 3. Configure of source matrix for Case1 case
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Table 2. Refinement results for cases of ML offenses 2~60 P2~60 ~B 62
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Case 1 i i University tuition fee Besl ol ol o 0 ololo 1
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Table 7. Network connection centrality by ML case

Network

Degree Standardized Centralization

Cases | Node
Out Deg In Deg | Total |Out Deg|In Deg | Out Deg | In Deg

1.000 | 0.000 | 1.000 | 14.286 | 0.000
3.000 | 4.000 | 7.000 | 42.857 |57.143
1.000 | 1.000 | 2.000 | 14.286 |14.286
1.000 | 1.000 | 2.000 | 14.286 | 14.286
1.000 | 1.000 | 2.000 | 14.286 |14.286
1.000 | 3.000 | 4.000 | 14.286 |42.857
1.000 | 0.000 | 1.000 | 14.286 | 0.000
1.000 | 0.000 | 1.000 | 14.286 | 0.000

Case 1 28.571% |44.898%

1.000 | 0.000 | 1.000 | 1.538 | 0.000
61.000| 2.000 |63.000| 93.846 | 3.077
1.000 | 1.000 | 2.000 | 1.538 | 1.538
1.000 | 1.000 | 2.000 | 1.538 | 1.538
1.000 | 1.000 | 2.000 | 1.538 | 1.538
1.000 | 61.000|62.000| 1.538 |93.846
1.000 | 1.000 | 2.000 | 1.538 | 1.538
1.000 | 1.000 | 2.000 | 1.538 | 1.538

@

Case 2 92.308%92.308%

1.000 | 0.000 | 1.000 | 16.667 | 0.000
1.000 | 2.000 | 3.000 | 16.667 |33.333
1.000 | 1.000 | 2.000 | 16.667 | 16.667
1.000 | 1.000 | 2.000 | 16.667 | 16.667 | 0.000% |19.444%
1.000 | 1.000 | 2.000 | 16.667 | 16.667
1.000 | 1.000 | 2.000 | 16.667 |16.667
1.000 | 1.000 | 2.000 | 16.667 |16.667

Case 3

1.000 | 0.000 | 1.000 | 14.286 | 0.000
1.000 | 2.000 | 3.000 | 14.286 |28.571
1.000 | 1.000 | 1.000 | 14.286 |14.286
1.000 | 1.000 | 1.000 | 14.286 |14.286
1.000 | 1.000 | 1.000 | 14.286 | 14.286
1.000 | 1.000 | 1.000 | 14.286 | 14.286
1.000 | 1.000 | 1.000 | 14.286 | 14.286
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