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[Abstract]

Unlike in modern medicine, medical data have not been standardized yet and infrastructure for accumulating data is poor in
oriental medicine. These problems become obstacles in artificial intelligence research and bilateral cooperation in domain of
oriental medicine. To solve this problem, we compared the classification accuracy using several machine learning algorithms to
select the highest accuracy model. Also we designed an application using the selected classification algorithm model to offer
convenience service to doctor and patient. In addition, we designed the database to accumulate medical data, so accumulated data

can be used to enhance the accuracy of classification algorithm model.
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Table 1. pre-treated questionnaire data

Num [Sex Pa Pb [Pc [pa b [6c 26d [Label
1 0 1 0 0 i 1 0 0 0
P 1 1 0 1 0 1 1 1 1
B3 1 0 1 1 0 0 0 0 0
100 [0 1 0 0 1 0 0 0 2
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Table 2. Accuracy of Algorithms

IAlgorithm Name IAccuracy
KNeighbors Classifier 0.6
Gaussian Naive Bayes 0.55
ISupport Vector Machine 0.7
Random Forest 0.7
Deep Neural Network 0.8
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