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[Abstract]

The nonintrusive appliance load monitoring analyzes the changes in power supplied to each home and identifies the currently
used household appliances using energy disaggregation. The presented technology in the paper give information to the consumers
on their energy usage and saving methods such as standby power cut off, abnormality of devices, and purchase of energy saving
products, etc. It also provides the appliance manufacturers with development data on energy-efficient devices and suggests ways
to utilize it in national policy and public services. We measure the total amount of electric power used, and compare it with the
power signature of each electric appliance to identify the appliances being used. Experimental results on seven different home
appliances show that the average identification accuracy is 95.3%.
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Fig. 2. The Disaggregation of electric appliances
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Table 2. Accuracy rate of appliances in simulations

No. Type Device Accuracy
0 Settop BKO-100 98.5
1 SMT-C5010 97.2
2 vV 32LK451 99.5
3 UN32EH4000F 99.7
4 Audio MM-E330D 80.0
5 Light OSRAM 20EX-L 98.2
6 Heater HEFW-2150 93.6
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