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[Abstract]

IoT(Internet of Things) is applied to technologies such as agriculture and dairy farming, making it possible to cultivate crops
easily and easily in cities.In particular, IoT technology that intelligently judge and control the growth environment of cultivated
crops in the agricultural field is being developed. In this paper, we propose a method of predicting the growth environment of
plants by learning the moisture supply cycle of plants using the intelligent object internet. The proposed system finds the moisture
level of the soil moisture by mapping learning and finds the rules that require moisture supply based on the measured moisture
level. Based on these rules, we predicted the moisture supply cycle and output it using media, so that it is convenient for users
to use. In addition, in order to reduce the error of the value measured by the sensor, the information of each plant is exchanged
with each other, so that the accuracy of the prediction is improved while compensating the value when there is an error. In order
to evaluate the performance of the growth environment prediction system, the experiment was conducted in summer and winter

and it was verified that the accuracy was high.
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Step to exchange information between plants
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Fig. 2. Step-by-step composition of plant
environment prediction system
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moisture contents
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Table 1. Moisture content and soil condition according to
moisture stage
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Table 2. Example of predicting of cycle for plant moisture
supply
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requirement cycle
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