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[Abstract]

Recently, a variety of contents services over the internet are becoming popular, among which MCN(Multi Channel Network)
platform services have become popular with the generalization of smart phones. The MCN platform is based on streaming, and
various factors are added to improve the service. Among them, augmented reality sticker service using face recognition is widely
used. In this paper, we implemented the MCN platform that masks the augmented reality sticker on the face through facial
emotion recognition in order to further increase the interest factor. We analyzed seven facial emotions using deep learning
technology for facial emotion recognition, and applied the emotional sticker to the face based on it. To implement the proposed

MCN platform, emotional stickers were applied to the clients and various servers that can stream the servers were designed.
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Key word : Deep Learning, Facial Emotion Recognition, Sticker, Augmented Reality, MCN(Multi Channel Network)
Platform
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